
Image Fusion Algorithm Using the

Multiresolution Directional-Oriented Hermite
Transform

Sonia Cruz-Techica and Boris Escalante-Ramirez
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Edif. Bernardo Quintana, Circuito exterior, Cd. Universitaria, México, D.F. 04510
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Abstract. The Hermite transform is introduced as an image representa-
tion model for multiresolution image fusion with noise reduction. Image
fusion is achieved by combining the steered Hermite coefficients of the
source images, then the coefficients are combined with a decision rule
based on the linear algebra through a measurement of the linear depen-
dence. The proposed algorithm has been tested on both multi-focus and
multi-modal image sets producing results that exceed results achieved
with other methods such as wavelets, curvelets [11], and contourlets [2]
proving that our scheme best characterized important structures of the
images at the same time that the noise was reduced.

Keywords: image fusion, Hermite transform, multiresolution, linear
dependence.

1 Introduction

Image fusion can be defined as the process of combining information from dif-
ferent sources, in order to detect strong salient features in the input images and
fuse these details into the fused image. In general, image fusion proposes the
integration of disparate and complementary data to improve the information
that appears on images as well as increased reliability and performance, which
results in greater accuracy of data.

Fusion techniques can be divided into spatial domain and transform domain
techniques [7]. In the first case, the input images are fused into spatial do-
main, the fusion process deals with the original pixel values. In contrast, in the
transform domain techniques it is possible to use a framework where the salient
features of the images are clearer than in the spatial domain.

In the literature several methods of pixel-level fusion have been reported which
use a transformation to perform data fusion, some of these transformations are:
the discrete wavelet transform (DWT) [1], the contourlet transform (CW) [15],
the curvelet transform (CUW) [8], and the Hermite transform (HT) [4], [5].

The wavelet transform has been the most used technique for the fusion process
but it is the technique with more problems in the analysis of signals from two or
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more dimensions; an example of this is the points of discontinuity that sometimes
are undetected; another drawback is its limitation to capture directional infor-
mation. The contourlet and the curvelet transforms have shown better results
than the wavelet transform due to multi-directional analysis, but they require
an extensive orientation search at each level of the decomposition. Because of
this, the Hermite transform provides significant advantages to the process of im-
age fusion: first this model of representation includes some properties of human
visual system such as the local orientation analysis and the Gaussian derivative
model of primary vision [16] and it also has the additional advantage of reducing
noise without introducing artifacts.

In this work, we take it as a prerequisite that the source images must be
registered so that the corresponding pixels are aligned. The proposed scheme
fuses images on a pixel-level using a multiresolution directional-oriented Hermite
transform of the source images by means of a decision map. This map is based
on a linear dependence test of the rotated Hermite coefficients.

The rest of the paper is organized as follows: Section 2 presents the basic
concepts of Hermite Transform. Section 3 describes the proposed image fusion
algorithm. Section 4 focuses on experiments, evaluation criteria and analysis of
results. Finally conclusions are introduced in section 5.

2 The Hermite Transform (HT)

The Hermite transform (HT) [9] is a special case of polynomial transform, which
is a technique of local decomposition of signals and can be regarded as an image
description model. In this, the input image L (x, y) is windowed with a local Gau-
sian function ω (x − p, y − q) at the positions (p, q) that conform the sampling
lattice S. By replicating the window function over the sampling lattice, we can
define the periodic weighting function as W (x, y) =

∑
(p,q)∈S ω (x − p, y − q).

Then, the local information of each analysis window is expanded in terms of a
family of orthogonal polynomials defined as

Gn−m,m (x, y) =
1√

2n (n − m)!m!
Hn−m

(x

σ

)
Hm

( y

σ

)
. (1)

where Hi

(
x
σ

)
denotes the ith Hermite polynomial orthogonal to the Gaussian

window with standard deviation σ.
In every window function, the signal content is described as the weighted sum

of polynomials Gm,n−m (x, y) of m degree in x and n − m in y. In a discrete
implementation, the Gaussian window function may be approximated by the
binomial window function and in this case, its orthogonal polynomials are known
as Krawtchouck’s polynomials.

In either case, the polynomial coefficients Lm,n−m (p, q) are calculated con-
volving the original image L (x, y) with the analysis filters Dm,n−m (x, y) =
Gm,n−m (−x,−y)ω2 (−x,−y), followed by subsampling at position (p, q) of the
sampling lattice S. That is,
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Lm,n−m (p, q) =
∫ +∞

−∞

∫ +∞

−∞
L (x, y)Dm,n−m (x − p, y − q) dxdy . (2)

The recovery process of the original image consists of interpolating the trans-
form coefficients with the proper synthesis filters. This process is called inverse
transformed polynomial and it is defined by

L̂ (x, y) =
∞∑

n=0

n∑
m=0

∑
(p,q)∈S

Lm,n−m (p, q)Pm,n−m (x − p, y − q) . (3)

where Pm,n−m (x, y) = (Gm,n−m (x, y)ω (x, y) /W (x, y)) are the synthesis filters
of order m and n − m for m = 0, ..., n and n = 0, ...,∞.

2.1 The Steered HT

The Hermite transform has the advantage of high-energy compaction by adap-
tively steering the HT [12], [10]. Steerable filters are a class of filters that are
rotated copies of each filter, constructed as a linear combination of a set of basis
filters. The steering property of the Hermite filters explains itself because this
filters are products of polynomials with a radially symmetric window function.
The N +1 Hermite filters of Nth-order form a steerable basis for each individual
Nth-order filter. Because of this property, the Hermite filters at each position in
the image adapt the local orientation content. In terms of orientation frequency
functions, this property of the Hermite filters can be expressed by

gm,n−m (θ − θ0) =
n∑

k=0

cn
m,k (θ0) gn−k,k (θ) . (4)

where cn
m,k (θ0) is the steering coefficient. The orientation selectivity for the filter

is expressed by

gm,n−m (θ) =

√(
n

m

)
cosm θ sinn−m θ . (5)

For the directional Hermite decomposition, first, a HT was applied and then
the coefficients were rotated toward the estimated local orientation θ, according
to a criterion of maximum oriented energy at each window position. This angle
can be approximated as θ = L01/L10, where L01 and L10 are a good estimated
to optimal edge detectors in the horizontal and vertical directions respectively
(Fig. 1 shows the HT and the steered HT over an image).

2.2 The Multiresolution Directional-Oriented HT

A multiresolution decomposition using the HT can be obtained through a pyra-
mid scheme [6]. In a pyramidal decomposition, the image is decomposed into a
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Fig. 1. The Discrete Hermite Transform (DHT) and the steered Hermite Transform
over an image

number of band-pass or low-pass subimages, which are then subsampled in pro-
portion to their spatial resolution. In each layer the zero order coefficients are
transformed to obtain -in a lower layer- a scaled version of the one above. Once
the coefficients of Hermite decomposition of each level are obtained, the coeffi-
cients can be projected to one dimension by its local orientation of maximum
energy. In this way we obtain the multiresolution directional-oriented Hermite
transform, which provides information about the location and orientation of the
structure of the image at different scales.

3 Proposed Image Fusion Algorithm

Our approach aims at analyzing images by means of the HT, which allows us to
identify perceptually relevant patterns to be included in the fusion process while
discriminating spurious artifacts. As we have mentioned, the steered HT allows
us to focus energy in a smaller number of coefficients, and thus the information
contained in the first-order rotated coefficient may be sufficient to describe the
edge information of the image in a particular spatial locality. If we extend this
strategy to more than one level of resolution, then it is possible to obtain a better
description of the image.

However, the success of any fusion scheme depends not only on the image
analysis model but also on the fusion rule, therefore, instead of choosing for the
usual selection operators based on the maximum pixel value, which often intro-
duce noise and irrelevant details in the fused image, we seek a rule to consider
the existence of a pattern in a region defined by a fixed-size window.

The general framework for the proposed algorithm includes the following
stages. First a multiresolution HT of the input images is applied. Then, for
each level of decomposition, the orientation of maximum energy is detected so
that the coefficients can rotate, thus the first order rotated coefficient has the
most information about edges. Afterwards, taking this rotated coefficient of each
image we apply a linear dependence test. The result of this test is then used as a
decision map to select the coefficients of the fused image in the multiresolution
HT domain of the input images. If the original images are noisy, the decision map
is applied on the multiresolution HT directional-oriented. The approximation co-
efficients in the case of HT are the zero order coefficients. In most multifocal and
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Fig. 2. Fusion scheme with the multiresolution directional-oriented Hermite Transform

multimodal applications the approximation coefficients of the input images are
averaged to generate the zero order coefficient of the fused image, but this always
depends on the application context. Finally, the fused image is obtained by ap-
plying the inverse multiresolution HT (Fig. 2 shows a simplified representation
of this method).

3.1 The Fusion Rule

The linear dependence test evaluates the pixels inside a window of ws × ws, if
those pixels are linearly independent, then there is no relevant feature in the
window. However, if the pixels are linearly dependent, it indicates the existence
of a pattern. The fusion rule selects the coefficient with the highest dependency
value. A higher value will represent a stronger pattern.

This approach has been reported in the literature in image fusion schemes
that use the wavelet transform [1] and the curvelet transform [8]; their basis
is an empirical method proposed in [3], where the image is analyzed in small
regions and each neighborhood of a pixel is expressed as a vector in which the
linear dependence is calculated.

A simple and rigorous test for determining the linear dependence or indepen-
dence of vectors is the Wronskian determinant, wich is defined for functions but
can also be applied to vectors. The dependency of the window centered at a pixel
(i, j) is described in

DA (i, j) =
i+ws∑

m=i−ws

j+ws∑
n=j−ws

L2
A (m, n) − LA (m, n) . (6)

where LA (m, n) is the first order steered Hermite coefficient of the source image
A with spatial position (m, n). The coefficient of the fused HT is selected as the
one with largest value of the dependency measure, then
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LF (i, j) =
{

LA (i, j) if DA (i, j) ≥ DB (i, j)
LB (i, j) if DA (i, j) < DB (i, j) . (7)

We apply this rule to all detail coefficients and average the zero order Hermite
coefficients as

L00F (i, j) =
1
2

[L00A (i, j) + L00B (i, j)] . (8)

4 Experiments and Results

The proposed algorithm was tested on several sets of multi-focus and multi-
modal images. Fig. 3 shows one of the multi-focus image sets used and the results
of image fusion achieved with different fusion methods, all of them using the
linear dependence test with a window size of 3×3, and two decomposition levels.
By the HT, we used a Gaussian window with spread σ =

√
2, a subsampling

factor T = 2 between each pyramidal level. The DWT used was db4 and in the
case of the CW, the McClellan transform of 9-7 filters were used as directional
filters and the wavelet db4 was used as pyramidal filters.

(a) (b) (c)

(d) (e) (f)

Fig. 3. Results of image fusion in multi-focus images, using different analysis tech-
niques. (a) and (b) as the source images, c) HT, d) DWT, e) CW and f) CUW.



208 S. Cruz-Techica and B. Escalante-Ramirez

(a) (b) (c)

(d) (e) (f)

Fig. 4. Results of image fusion in noisy medical images, using different analysis tech-
niques. (a) computed tomography (CT) and (b) magnetic resonance (MR) as the source
images, c) HT, d) DWT, e) CW and f) CUW.

On the other hand, Fig. 4 shows the application in noisy medical images with
the same described parameters. In this case, Gaussian noise with σ = 0.001 was
introduced to the original images.

From Figs. 3 and 4, we can notice that the image fusion method based on
the Hermite transform preserved the spatial resolution and information content
of both images better. Moreover, our method shows a superior performance in
noise reduction.

In order to quantitatively compare the proposed algorithm with the others,
we evaluated our fusion results with several quality metrics: the peak signal to
noise ratio (PSNR) defined in Eq. 9, the mean square error (MSE) defined in
Eq. 10, the measure of structural similarity (SSIM) [13] defined in Eq. 11 and
the Mutual information (MI) [14] defined in Eq. 12.

PSNR = 10 log10

2552 (MN)∑M
i=1

∑N
j=1 [F (i, j) − R (i, j)]2

. (9)

MSE =

∑M
i=1

∑N
j=1 [F (i, j) − R (i, j)]2

MN
. (10)



Image Fusion Using the Multiresolution Rotated Hermite Transform 209

where F (i, j) denotes the intensity of the pixel of the fused image and R (i, j)
denotes the intensity of the pixel of the original image.

SSIM (R, F ) =
σRF

σRσF

2μRμF

(μR)2 + (μF )2
2σRσF

σ2
Rσ2

F

. (11)

where μR is the original image mean and μF the fused image mean; σ is the
variance and σRF is the covariance.

MIAB
F = MIFA (F, A) + MIFB (F, B) . (12)

where MIFA (F, A) =
∑

PFA (F, A) log [(PFA (F, A)) / (PF (F )PA (A))] is the
amount of information that belongs to image A contained in the fused image,
where PF and PA are the marginal probability densisty functions of images F
and A respectively, and PFA is the joint probability density funtion of both
images.

Tab. 1 shows the performance of the method using different image analysis
techniques with the same fusion rule. The values are the average of the tests
performed on multifocal and medical images. Altogether we used 11 sets of im-
ages, in 6 of which, we compared with a ground truth. These ground truths were
obtained from synthetic images.

Table 1. Performance measurement applying the fusion rule based on linear depen-
dency with different methods

Fusion method MSE PSNR SSIM MIAB
F

Hermite Transform 127.055 36.425 0.9640 6.130
Wavelet Transform 148.889 34.627 0.9574 5.595
Contourlet Transform 177.466 30.836 0.9477 5.535
Curvelet Transform 164.296 31.608 0.9496 5.609

5 Conclusions

We have presented a multiresolution image fusion method based on the
directional-oriented HT, which uses a linear dependency test as fusion rule. We
have experimented with this method for multi-focus and multi-modal images and
we have obtained good results, even in the presence of noise. Both subjective
and objective results show that the proposed scheme outperforms other existing
methods.

The HT has proved to be an efficient model for the representation of images
because derivatives of Gaussian are the basis functions of this transform, which
optimally detect, represent and reconstruct perceptually relevant image patterns,
such as edges and lines.

Acknowledgments. This work was supported by UNAM grants IN106608 and
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5. Escalante-Ramı́rez, B., López-Caloca, A.: The Hermite transform: an efficient tool
for noise reduction and image fusion in remote sensing. In: book: Image Processing
for Remote Sensing, pp. 539–557. CRC Press, Boca Raton (2006)

6. Escalante-Ramı́rez, B., Silván-Cárdenas, J.L.: Advanced modeling of visual in-
formation processing: A multi-resolution directional-oriented image transform
based on Gaussian derivatives. Signal Processing: Image Communication 20(9-10),
801–812 (2005)

7. Hill, P., Canagarajah, N., Bull, D.: Image Fusion using Complex Wavelets. In:
Proc. 13th British Machine Vision Conference, pp. 487–496 (2002)

8. Mahyari, A., Yazdi, M.: A novel image fusion method using curvelet transform
based on linear dependency test. In: International Conference on Digital Image
Processing, pp. 351–354 (2009)

9. Martens, J.-B.: The Hermite transform-theory. IEEE Transactions on Acoustics,
Speech and Signal Processing 38(9), 1595–1606 (1990)

10. Martens, J.-B.: Local orientation analysis in images by means of the Hermite trans-
form. IEEE Transactions on Image Processing 6(8), 1103–1116 (1997)

11. The Curvelet.org team, http://www.curvelet.org/software.html
12. Van Dijk, A., Martens, J.-B.: Image representation and compression with steered

Hermite transforms. Signal Processing 56(1), 1–16 (1997)
13. Wang, Z., Bovik, A., Sheikh, H., Simoncelli, E.: Image quality assessment: from

error visibility to structural similarity. IEEE Transactions on Image Processing 13,
600–612 (2004)

14. Wang, Q., Yu, D., Shen, Y.: An overview of image fusion metrics. In: Conference
on Instrumentation and Measurement Technology, pp. 918–923 (2009)

15. Yang, L., Guo, B.L., Ni, W.: Multimodality medical image fusion based on multi-
scale geometric analysis of contourlet transform. Neurocomputing 72(1-3), 203–211
(2008)

16. Young, R.: The Gaussian derivative theory of spatial vision: analysis of cortical
cell receptive field line-weighting profiles. Integration. Technical report, General
Motors Research (1986)

http://www.mathworks.com/matlabcentral/fileexchange/8837
http://www.curvelet.org/software.html

	Image Fusion using the Hermite Transform
	Introduction
	The Hermite Transform (HT) 
	The Steered HT
	The Multiresolution Directional-Oriented HT

	Proposed Image Fusion Algorithm 
	The Fusion Rule

	Experiments and Results 
	Conclusions 



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Remove
  /UsePrologue false
  /ColorSettingsFile (Color Management Off)
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 290
  /ColorImageMinResolutionPolicy /Warning
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 600
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.01667
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 290
  /GrayImageMinResolutionPolicy /Warning
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 600
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 2.03333
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 800
  /MonoImageMinResolutionPolicy /Warning
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 2400
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU <>
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [595.000 842.000]
>> setpagedevice


